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Abstract. A growing body of research has examined the relationship between social media 

algorithms and public opinion-related issues in digital environments, focusing on specific 

phenomena such as disinformation, fake news, and ‘filter bubbles’. However, a 

comprehensive theoretical framework that captures the complex interplay of factors through 

which social media algorithms shape, facilitate, or obstruct public opinion formation in 

Western digital societies is still lacking. To address this gap, this article introduces the concept 

of ‘algorithmic public opinion’ to capture the role of social media algorithms in shaping public 

opinion both as a process and as a product. While inherently open-ended, we argue that this 

framework offers scholars a valuable tool for understanding the centrality of automated 

decision-making processes in the circulation of informational content, and its interaction with 

diverse actors who play a decisive role in determining which issues of public interest gain 

salience and which news sources and interpretations are selected and amplified. 
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Introduction 

 

The vast majority of internet users in the West now get their news primarily from online 

sources (Nielsen et al., 2023; Andi, 2021; Auxier and Anderson, 2021). Social media platforms 

play a key role in this context, having become central nodes in the production, circulation, 

and commodification of information and news (van Dijck et al., 2018). The democratisation 

of access and sharing facilitated by the internet has dramatically increased information 

production, exposure, and consumption, contributing to the blurring of the boundaries 

around ‘what constitutes news’. On social media, comments, tweets, memes, posts, and 

other types of content all concur to determine which public interest issues gain prominence 

and what interpretations are attached to them. 

 

This dynamic suggests that algorithms—constituting the infrastructural backbone of the most 

popular social media platforms—are key affordances that intervene in various ways in the 



formation of public opinion. Take, for instance, Facebook’s News Feed, YouTube’s ‘related 

videos’, or TikTok’s For You page: these are ‘recommender systems’ that automatically 

suggest content from a pool of primarily user-generated materials, drawn in from multiple 

sources (c.f. Narayanan, 2023). Additionally, content moderation, while increasingly shaped 

by platform-specific policies, is also supported by algorithmic systems, which help determine 

what content can or cannot circulate or be made visible (Leerssen, 2023; Zeng and Kaye, 

2022). 

  

Research on algorithmic gatekeeping and publics has flourished over the past decade (c.f. 

Napoli, 2015; Möller et al., 2018; Thurman et al., 2019; Bodó et al., 2019; Møller-Hartley et 

al., 2021; just to name a few). This represents one subset of a larger, burgeoning field known 

as ‘critical algorithm studies’, which addresses the growing role of algorithms in society 

(Lomborg and Kapsch, 2020). Within this context, a lively debate has emerged regarding the 

‘collateral effects’ of social media on public debate, as evidenced by the popularity of terms 

like ‘disinformation’, ‘filter bubbles’, and ‘affective polarisation’. However, a comprehensive 

theoretical framework that captures the complex interplay of elements through which social 

media algorithms contribute to directing, facilitating, or hindering public opinion formation 

in Western digital societies is still lacking—something we argue limits the potential for critical 

scholarship in this area. 

 

To address this gap, the article introduces the concept of the ‘algorithmic public opinion’. This 

framework captures how social media algorithms intervene in the shaping of public opinion 

both as a process and a product. On the one hand, algorithmic systems on social media 

platforms newly-mediate the circulation of information, emerging alongside traditional news 

organisations (newspapers, television, radio) as new types of gatekeepers. These algorithmic 

infrastructures help determine “which events taking place or issues being discussed receive 

coverage” (Napoli, 2019: 54; ANONYMISED FOR REVIEW). On the other hand, platforms 

facilitate user participation in public opinion formation by enabling interactions with and 

reactions to algorithmically curated content. Users engage with the algorithmic infrastructure 

of social media, negotiating their agency in relation to the organised flows of information. 

While inherently open-ended, we argue that the notion of ‘algorithmic public opinion’ offers 

scholars a valuable framework for understanding the central role of automated decision-



making processes in the circulation of informational content, while also accounting for their 

interaction with various actors who play a crucial role in determining which public interest 

issues gain prominence and shaping the news sources and perspectives surrounding them. 

 

The article proceeds as follows: first, we discuss the formation of public opinion and its 

historical significance from a sociological perspective, then focus on its evolution in the social 

media age. We then introduce the central concept of the article, exploring the direct and 

indirect forms of algorithmic gatekeeping and critically examining its relationship with online 

audiences. In the concluding section, we reflect on the boundaries and limitations of this 

notion, addressing the wider implications of algorithmic dynamics in information circulation 

across democratic societies. 

 

Public opinion formation: a contextualisation 

 

The concept of public opinion has been redefined repeatedly throughout modern history and 

remains marked by significant ambiguity. Whether seen as a tool for resistance or control, as 

the aggregation of individual reactions to salient issues, or as the product of collective effort, 

its nature is contested and shaped by ongoing social, political, and technological changes 

(Splichal, 2022). Emerging as the “voice of the people,” a collective force challenging the 

authority of “the Prince” in Machiavelli’s time, public opinion evolved in Enlightenment 

thought, with thinkers like Bentham and Rousseau framing it as both a means to hold 

authorities accountable and a “social court” exerting normative control to maintain social 

cohesion. This perspective shifted the image of public opinion from a counterbalance to 

power into an almost tangible tool of surveillance, where the majority could impose norms 

upon minority voices—a concern echoed by Tocqueville’s “tyranny of the majority” and 

Noelle-Neumann’s “spiral of silence” (1974). 

 

Habermas reconnected public opinion with dynamicity and publicity, moving beyond 

monolithic, internalised norms that shape and limit individual behaviour. Instead, he 

conceptualised public opinion as an act of deliberation—a supra-individual by-product of 

rational-critical discourse among private citizens in the public sphere. In this view, public 

opinion is neither fixed nor static but emerges and evolves through collective debate and 



action, which may include the efforts of organised groups and civil society leaders who voice 

opinions and mobilise others to support or oppose specific political or social issues (Calhoun, 

1993). 

 

In the mid-20th century, opinion polling reshaped once more the understanding of public 

opinion, reducing it to the most widely held view within a population and consolidating it as 

majority opinion. This approach has drawn criticism for oversimplifying the complexity of 

public opinion formation and obscuring its collective dimension. While polls offer a means to 

measure public sentiment, they also contribute to the individualisation of the concept, 

diverting attention from collective deliberation to the aggregation and quantification of 

individual opinions. Splichal (2022) argues that this individualisation has intensified with the 

rise of digital information and communication technologies, particularly social media 

platforms. These platforms blur the lines between private and public opinions, enabling 

exponential growth in data collection about individual preferences. This has facilitated 

extensive data mining and analytics, often extracting personal data unknowingly, furthering 

the datafication of society and large-scale surveillance (Zuboff, 2019). As a result, the study 

of public opinion has shifted from philosophical debates to a more empirical, data-driven 

approach (Splichal, 2022). 

 

Theories of public opinion, therefore, offer no unanimous conceptualisation. As Barisione 

(2011) suggests, scholars would benefit from looking beyond the ‘final product’—the 

composite range of opinions within a population—and instead consider the foundational 

factors that shape it, from social pressures and psychological processes to public discourse 

dynamics and collective action. Notably, Luhmann’s concept of public opinion emphasises its 

multidimensional and dynamic character, portraying it as an ongoing process that tracks an 

issue’s entire lifecycle on the public agenda—from emergence to prominence and eventual 

decline – incorporating diverse mediators and interacting actors (1990).  

 

Building on this perspective, this article examines the new shift in public opinion formation 

driven by its ‘platformisation’ (van Dijck et al., 2018). Specifically, we argue for the need to 

reconcile two interconnected dynamics: first, the process by which social media platforms and 

their algorithmic systems shape the development of opinions discussed and shared among 



citizens in digital spaces. Second, we emphasise how public opinion materialises as a product 

of interactions between users and algorithmically organised informational content, 

compelling users to navigate and negotiate their agency within this ecosystem. 

 

Public opinion formation in the social media age 

 

The media has always played a significant role in shaping public opinion (Habermas, 1991). 

Historically, newspapers served as forums for public discussion, enabling individuals to 

engage with diverse perspectives and contribute to collective opinion formation. Media 

coverage of specific themes or issues can stimulate public debate, elevating certain topics 

within public consciousness. Simultaneously, the way the media frames issues and presents 

arguments influences how the public perceives and interprets these topics, ultimately shaping 

their opinions. As Moy and Bosch underline (2013: 290), “To truly understand public opinion, 

we must not only understand the nature of the public and the assumptions that undergird 

research efforts” but also examine how the media environment operates—beginning with 

who determines what constitutes news and “what forces” shape how content is presented to 

the public (Moy and Bosch, 2013: 299). 

As argued by Chadwick (2017), media systems in the 21st century have become ‘hybrid.’ This 

reflects a process of “simultaneous integration and fragmentation” (p. 15), whereby older 

media have merged with and adapted to the formats, genres, norms, and actors brought 

about by digital media (see also Mattoni and Ceccobelli, 2018). Similar to legacy media, social 

media platforms provide spaces for users to develop and exchange opinions; however, within 

these spaces, the traditional role of gatekeeping is assumed by the platforms themselves. 

Within these platforms, algorithmic systems shape the delivery of information to users while 

simultaneously being shaped by how users consume that information. In other words, users’ 

opinions in the age of social media are deeply intertwined with algorithmic sorting processes 

that influence actions, behaviours, and interactions, ultimately reflecting in user data. This 

dynamic interaction—reinforced by the continuous reprocessing of user data and the 

“feedback loop” between users and algorithms (Beer, 2022)—gives rise to what we term an 

algorithmic public opinion: a process shaped by interactions between users and algorithmic 

systems, and a product that reflects the interplay of technological mediation and user agency. 



Conceptualisations of public opinion have long wavered between viewing it as a potential for 

democratisation or social control. Similarly, with their rise to prominence, social media 

platforms were initially welcomed as empowering tools for citizens, enabling them to voice 

their views and organise collective action. These platforms were seen as shortening the line 

of communication between pundits and the public while encouraging new forms of political 

participation, such as connective action (Bennett and Segerberg, 2013) or ‘digital movements 

of opinion’ (Barisione, 2011). As Meraz and Papacharissi (2015: 96) note, this marked “a shift 

from top-down, prior control paradigms to crowd-centred, networked, and collective 

intelligence logics,” where opinion expression and exchange appeared independent from 

traditional journalistic gatekeeping. 

However, events in 2016—most notably the Cambridge Analytica scandal and controversies 

surrounding the Brexit referendum and the US presidential elections—sparked concerns 

about the distinct policies of content circulation inherent to social media infrastructures. 

These concerns focused on their intervention in public opinion formation, popularising terms 

like ‘disinformation’ (Marwick and Lewis, 2017) and fostering a mythology around social 

media algorithms as gateways to ‘radicalisation’ (Tufekci, 2018). Within this discussion, the 

concepts of the ‘filter bubble’ (Pariser, 2011) and its counterpart, the ‘echo chamber’ (see 

Bruns, 2019 for key distinctions between the two), have become synonymous with how 

personalised content on social media seemingly restricts access to diverse sources, limiting 

exposure to opposing viewpoints (Bodó et al., 2019). This has heightened concerns about 

decreasing intergroup confrontation, which leads to affective polarisation—stronger 

identification with one’s in-group and greater friction with out-groups (Settle, 2018). Affective 

polarisation is particularly alarming because it manifests as heightened emotional responses 

and reactions online, which are often linked to incivility (Strickler, 2018) and identified as 

contributing to democratic backsliding, including renewed support for illiberal parties (McCoy 

et al., 2018). 

The technological determinism implied by these theories has been challenged in various ways. 

For instance, there is limited empirical evidence supporting the existence of ‘filter bubbles’ 

(Moeller and Helberger, 2018; Bruns, 2019). Instead, the issue has been reframed as one of 

‘selective exposure’ (Dahlgren, 2021). Moreover, online news consumption—while 



sometimes partisan or sectorial—is often balanced by other sources within a multimedia diet 

(Bodó et al., 2019; Thurman et al., 2019). Some researchers even suggest that social media 

can expose users to more diverse information than legacy media (Fletcher and Nielsen, 2018) 

because algorithmic recommendation systems can—and sometimes are designed to—offer 

‘serendipitous content’ (i.e., unexpected and surprising) (ANONYMIZED FOR REVIEW). 

Similarly, Tufekci’s (2018) ‘radicalisation’ hypothesis has been met with contrasting evidence, 

as studies suggest that YouTube’s recommendation algorithms may not directly lead users to 

increasingly extreme content (Hosseinmardi et al., 2021; Markmann and Grimme, 2021; 

Yesilada and Lewandowski, 2021). 

This more cautious strand of literature resizes the intevening role of social media in public 

opinion formation, shifting focus towards user reactions and agency while interacting with 

online platforms. Yet, we argue, it is crucial to account for the infrastructural changes 

introduced by social media in the circulation of information within digital societies and 

consider how these changes intersect with traditional public opinion formation dynamics. 

Information on social media is presented to users in a highly personalised manner, with 

algorithms tailoring each user’s ‘content diet’ based on criteria driven not by public interest 

but by marketability and profit. Understanding these mechanisms is further complicated by 

the opacity of algorithmic systems, which remain largely ‘black-boxed’ (Pasquale, 2015), 

protected by trade secrets and nondisclosure agreements that prevent public scrutiny. 

However, online audiences are not passive recipients of algorithmic personalisation. Instead, 

they interact with this malleable infrastructure, simultaneously mirroring and shaping it by 

projecting their own characteristics (ANONYMIZED FOR REVIEW). Algorithms are highly 

mutable, constantly being tweaked, re-written, or repaired, co-evolving alongside human 

interactions (Zarouali et al., 2021). Taken together, these observations highlight the need for 

a comprehensive theoretical framework to capture the rich interplay of aspects through 

which algorithmic systems on social media platforms contribute to public opinion formation. 

The next section of this paper articulates such a framework. 

What is the algorithmic public opinion? 



We introduce the concept of algorithmic public opinion as a heuristic designed to capture the 

'thick mixture' of elements through which social media algorithms contribute to directing, 

facilitating, or hindering the formation of public opinion in Western digital societies. This 

phenomenon emerged in the early 2010s when algorithmic systems began to be integrated 

for personalisation and content moderation. This notion allows us to explore the nuanced 

role of algorithms in the opinion formation process. Algorithmic public opinion reflects how, 

from the moment it is created to when it reaches the wider public, information circulating on 

social media is prioritised, filtered, and hidden in various ways by multiple algorithmic 

systems. We argue that social media algorithms intervene in the shaping of public opinion as 

both a process and a product: on one hand, social media platforms, through their algorithmic 

systems, influence the development of opinions that are discussed and shared among citizens 

in digital environments, thereby decisively contributing to the process of public opinion 

formation. On the other hand, audiences interact with algorithmically organised 

informational content, navigating and negotiating their agency in relation to it. As a result, 

the opinion content that emerges can be seen as a product of this complex interplay. 

As a result, we argue that a new form of public opinion arises, characterised by the central 

role of automated decision-making processes and their interaction with users in determining 

which issues of public interest become salient, which fade away, and which news sources and 

interpretations are prioritised. 

On the one hand, the role of algorithms in public opinion should be seen as an extension of 

what Gillespie (2014) defined as ‘public relevance algorithms,’ which refers to the subjection 

of information and knowledge production to mathematical procedures. Put differently, the 

discussion of issues of public relevance today is increasingly embedded, redefined, and 

mediated within the technological apparatus of social media platforms, which aim is to 

standardise the interaction between content and targeted consumers, transforming it into 

monetizable data (Poell et al., 2021). However, audiences react to and interact with the 

algorithmic infrastructure of social media, negotiating their agency in relation to the 

algorithmically-organised flows of informational content in original ways. We explore this 

duality of algorithmic public opinion—as both process and product—in the following sections. 

 



The process: algorithmic public opinion and gatekeeping 

Alongside professional news organisations (newspapers, television, radio), social media 

platforms today act as new forms of gatekeepers, determining which events or issues receive 

coverage through their algorithmic infrastructure (Napoli, 2019: 54; ANONYMISED FOR 

REVIEW). Historically, gatekeeping has been defined as “the process of selecting, writing, 

editing, positioning, scheduling, repeating and otherwise massaging information to become 

news” (Shoemaker, 2008: 73). As noted by (ANONYMISED FOR REVIEW), since its adoption in 

media theory, the concept of gatekeeping has expanded to encompass the broader media 

industries, including key figures who influence the production and distribution of cultural 

artifacts. As van Dijck et al. (2018) argue, the platformisation of cultural production and 

society (Poell et al., 2021; van Dijck et al., 2018) extends this further to information and news, 

with platforms becoming central nodes in the production, circulation, and commodification 

of informational content. In this context, Tufekci (2015: 209) points out that “algorithms, or 

computational processes that are used to make decisions, are often deployed as gatekeepers; 

in this function, they are somewhat similar to the role of a newspaper editor but possess 

important differences from their offline, non-interactive and non-computational 

counterparts. Hence, algorithmic gatekeeping raises significant yet novel issues in many 

realms.” In other words, through their algorithms, platforms work alongside traditional 

gatekeepers, such as news organisations, to reconfigure both the nature and extent of the 

processes involved in public opinion formation. This, we argue, occurs in two main ways: a 

direct and an indirect one.  

Direct algorithmic gatekeeping 

 

In what we define as direct algorithmic gatekeeping, platforms actively prioritise, remove, 

reduce, label, notify, and manage content to shape its reach and visibility. As Gillespie (2022) 

suggests, these are overlapping and cumulative strategies that must be considered 

holistically. Content prioritisation, for instance, plays a direct role in the formation of public 

opinion by offering users a personalised ranking of content. Algorithmic recommender 

systems exemplify this process: while suggesting content, they create somewhat 

homogenous hierarchies that users interpret as indications of general relevance and salience. 



These hierarchies are shaped by the specific issue at hand and by platform vernaculars (cf. 

Rieder et al., 2018). However, such systems often privilege content that is popular and 

trending, reinforcing a 'popularity bias' at the expense of niche content (i.e., the ‘long tail’). 

This ultimately reduces content diversity and serendipity, as well as the time available for 

meaningful engagement with each piece of news (Castaldo et al., 2022). Moreover, repeated 

exposure to and sharing of similar content amplifies the 'homophily bias'—the tendency for 

individuals to connect with like-minded others, favouring similar perspectives while rejecting 

contradictory claims. This tendency is linked to the creation of echo chambers. Additionally, 

the constant stream of live updates exacerbates the 'novelty bias,' a curiosity-driven 

preference for new information. This bias may lead users to develop addictive behaviours or 

experience FOMO (fear of missing out), as they strive to keep up with the never-ending influx 

of novel content. 

In addition to content prioritisation, content removal represents a pivotal practice of direct 

algorithmic gatekeeping. This highlights the role of automated systems in identifying and 

eliminating content that fails to comply with existing laws and platform policies. Many of the 

most popular social media platforms have partially delegated content moderation and 

removal processes to automated decision-making systems. However, this delegation has led 

to frequent mistakes, some of which have sparked public outrage—such as instances where 

art nudity is incorrectly classified as obscene. The primary concern with content removal lies 

in the lack of transparency surrounding the criteria and decisional processes used for 

automated moderation. This opacity raises fears of ‘algorithmic censorship’, where all 

communications and content are surveilled and policed according to commercial priorities 

rather than public interest (Cobbe, 2021). Such practices risk restricting freedom of speech 

and suppressing diverse voices. Moreover, platforms often deploy automated content 

removal as a narrative device to deflect accountability for their moderation decisions. This 

approach can result in 'over-removing' or 'over-blocking', where content is taken down, or 

accounts are suspended preemptively out of caution or fear of sanctions—even when the 

content is legally permissible (Heldt, 2019).  

Another form of direct algorithmic gatekeeping is content labelling – i.e., when social media 

platforms attach additional information to a piece of user-generated content, or to a user or 



channel. This serves the purpose of providing context to certain content (or to a social media 

account) for various reasons (e.g., sensitive content, potential fake news, satire), thus helping 

users evaluate its quality. A content label may be, among other possible forms, “a fact-check, 

a clickthrough barrier that provides further information, a content warning, or the provision 

of more contextual information” (Morrow et al., 2022:2). With the onset of COVID-19 and the 

rise of the volume of misinformation, social media platforms have responded by relying on 

content labelling as a precious resource. Yet, labels can also introduce bias – especially when 

mistakenly or inaccurately applied to both content and to social media accounts – thus leading 

users to formulate preconceptions about the content they are about to read (or discard). An 

example of this is provided by X’s Community Notes, which is a data infrastructure for ‘soft 

moderation’ that uses human-AI cooperation to add context to tweets (Matamoros-

Fernandez and Jude, 2024). 

A further example of direct algorithmic gatekeeping is content visibility moderation. This is 

“the process through which digital platforms manipulate (i.e., amplify or suppress) the reach 

of user‐generated content through algorithmic or regulatory means” (Zeng and Kaye, 

2022:81). The moderation of content visibility can take distinct forms: (1) Amplification – if 

the diffusion of specific content is increased or maximised (when this takes place with 

apparently-banned content, it can be referred to as shadow-promotion);1 (2) 

Demotion/Downgrading/Reduction – when the diffusion of content is, on the contrary, 

reduced or suppressed for some users, at times downgrading and targeting certain users or 

groups, as in the case of ‘shadow-banning’ (cfr. Are, 2022; Leerssen, 2023); and finally, (3) 

Deplatforming – when platforms ban specific users or groups alleging the breach of service 

terms, with the result of hindering the circulation of this type of content (cfr. Rogers, 2020). 

With the exception of deplatforming, these visibility moderation practices often go 

unnoticed, making it difficult for the public to evaluate the extent to which they interfere in 

the formation of public debate (Gillespie, 2022). 

Indirect algorithmic gatekeeping 

 
1 See for instance: https://tracking.exposed/pdf/tiktok-russia-ShadowPromotion.pdf (Last accessed 10/11/2024). 

https://tracking.exposed/pdf/tiktok-russia-ShadowPromotion.pdf


With indirect algorithmic gatekeeping, instead, we refer to all the strategic actions through 

which other actors, aside from algorithms, attempt to influence content circulation by way 

of algorithmic forms. These actions are performed by a variety of human and non-human 

actors and can be distinguished by their legitimacy (i.e., whether they abide by platform 

policies and existing laws), by the subject perpetrating them (ranging from individuals to 

organised groups), as well as by the motives underpinning them (economic and/or political). 

It is common for users and groups—especially companies—to proactively boost the visibility 

of their content by leveraging the algorithmic infrastructure of social media platforms. This is 

often done through legitimate techniques, commonly referred to as search engine 

optimisation (SEO) and social media optimisation (SMO). These techniques, which range from 

empirically-proven strategies to those based on platform-specific algorithmic assumptions, 

aim to increase content visibility (Petre et al., 2019). For instance, posting at certain times or 

using specific keywords can enhance a post's reach. Tech companies often dismiss these 

methods as ‘gaming the system.’ In fact, some malicious actors also exploit these techniques 

to manipulate content visibility (including ideas, groups, comments), typically for economic 

or political gain. This is referred to as ‘algorithmic gaming’ (Bonini and Trerè, 2024) and is seen 

as part of the ‘weaponisation of social media.’ One prominent example is ‘troll farms,’ i.e., “a 

group of individuals engaging in trolling or bot-like promotion of narratives in a coordinated 

fashion” (Wardle, 2018: 46). Similarly, ‘click farms’ are services, usually based in developing 

countries, that employ people to click, view, or comment on content to boost engagement. 

These services may also attempt to suppress content by inundating platforms with false 

reports (‘false flagging’). Furthermore, social bots, automated algorithms designed to mimic 

human behaviour, contribute to ‘fake engagement,’ which amplifies particular issues by 

generating artificial salience. Bessi and Ferrara (2016) found that bots made up one-fifth of 

the online discourse surrounding the 2016 US election, highlighting the risks they pose to 

electoral integrity. 

In contrast, another set of practices, known as ‘algorithmic activism,’ is driven by political 

engagement or individual activism. These activists - be them politically engaged or mere 

individual activists - “use (theoretical or practical) knowledge about the relative weight 

certain signals have within the proceduralised choices the algorithms of the media platforms 



make as proxies of human judgement, to reach their (meta)political goals” (Maly, 2019: 12). 

Rather than manipulating the system for malicious intent, algorithmic activists aim to increase 

visibility while avoiding penalties, like account suspension or content flagging. One example 

is ‘algospeak,’ a technique where users intentionally alter the spelling or wording of certain 

terms to bypass algorithmic restrictions on specific keywords (e.g., using ‘le$bean’ instead of 

‘lesbian’ or ‘unalive’ for ‘kill’) (Klug et al., 2023). Algorithmic activism is also linked to the 

growing influence of social media influencers and micro-influencers—individuals with 

between 1k and 100k followers. These influencers often act as trusted ‘opinion leaders,’ 

shaping public perception and, in some cases, offering their visibility to political parties. This 

dynamic is particularly evident among populist political actors, who use influencer-style 

engagement techniques to amplify their message, often intensifying reactions among users 

when the sentiment is negative (Gerbaudo et al., 2023).y6u  

Optimization, algorithmic gaming, and algorithmic activism operate along a spectrum, with 

distinctions that are somewhat arbitrary and often overlapping. While optimization strategies 

generally align with platform guidelines, certain methods may blur ethical boundaries to 

enhance visibility. Algorithmic activism seeks to counteract restrictive algorithms but may 

employ strategies similar to optimization or gaming when addressing perceived injustices. In 

contrast, algorithmic gaming explicitly disregards platform rules, using deceptive practices for 

malicious purposes.  

Although these approaches differ in intent and methods, they all share the ultimate goal of 

influencing online visibility and shaping public opinion. What is particularly unique about 

these types of indirect gatekeeping is their capacity to be implemented globally by any user 

or coordinated group. At the same time, they involve a wide array of external actors—

including content moderators, fact-checkers, trusted flaggers, click farms, and national 

regulatory agencies—further illustrating the complexities of regulating these practices. 

Moreover, when amplifying or suppressing content visibility becomes a purchasable service, 

those with greater financial resources gain disproportionate visibility in the news 

dissemination environment (cfr. Munger, 2020). A summarising table of the main direct and 

indirect forms of algorithmic gatekeeping in public opinion formation is provided below. 

 



Tab. 1 – The main direct and indirect forms of algorithmic gatekeeping 

Types of 
gatekeeping 

Action Description 

Direct 
gatekeeping 

Content 
prioritisation 

The algorithmic personalisation of content generally driven 
by the overarching goal of “engagement optimization” 
(e.g., News Feed, content notifications). 

Content 
removal 

The (semi)automated removal of content when this does 
not comply with existing laws or platform policies (e.g., 
nudity, hate speech). 

Content 
visibility 

The (semi)automated amplification or reduction (e.g., 
demotion) of the content reach. 

Content 
labelling 

A form of algorithmically-mediated content moderation 
where platforms attach additional information to a piece of 
user-generated content (e.g., misinformation, violence and 
sensitive content). 

Accounts 
restriction 
and 
suspension 

The restriction and suspension of accounts when these do 
not comply with existing laws or platform policies, thus 
limiting temporarily or permanently their right to free 
speech within the platform. 

Indirect 
gatekeeping 

Optimization When users, groups, or organizations promote the visibility 
of their content through a number of legitimate, yet 
sometimes unverified, techniques (e.g., search engine 
optimization). 

Algorithmic 
gaming 

When users, groups, or organizations try to influence the 
visibility of specific content through illegitimate or illegal 
means for economic or political reasons (e.g., social bots, 
click-farms).  

Algorithmic 
activism 

When users, groups, or organizations intentionally exploit 
algorithmic mechanisms to promote their visibility and to 
prevent being disadvantaged through direct gatekeeping 
(i.e., removal, deprioritisation, suspension)(e.g., 
algospeak). 

 

The product: Audiences and the algorithmic public opinion 

If, on the one hand, platforms operate alongside traditional gatekeepers to reshape and 

extend the processes of agenda-setting, priming, and framing that are central to public 

opinion formation, on the other hand, audiences do not act as mere passive recipients of this 



process. It has been argued that digital media “disaggregate” audiences (cfr. Livingstone, 

2005; Butsch, 2011), facilitate the production of networked and productive publics (Marwick 

and boyd, 2011), create affective engagements (Papacharissi, 2015), and present audiences 

in a “calculated” way (Gillespie, 2014). This section builds on these theorisations by exploring 

how audiences actively contribute as participants in the formation of algorithmic public 

opinion. They react to and interact with the algorithmic infrastructure of social media, 

negotiating their positions based on the perceived advantages of these systems. We describe 

audiences as a) blind and imaginative, meaning users often remain unaware or hold partial 

beliefs about how content circulates and what drives algorithmic recommendations; b) 

engaged and (im)personalised, reflecting the strategies of digital platforms, which prioritise 

their economic interest in capturing users’ attention; c) hyper-heterogeneous and non-

generalisable, as the inherent logic of standardisation and generalisation that underpins 

platform algorithms is at odds with the hyper-diverse publics inhabiting online social 

environments. 

Blind and imaginative  

Research suggests that many social media users still lack a proper understanding of how 

algorithmic content curation works (cfr. Smith, 2018), with significant variations in algorithmic 

awareness across certain socio-demographics (Gran et al., 2021). This phenomenon, known 

as the ‘algorithmic knowledge gap,’ may contribute to deepening a new digital divide (Cotter 

and Reisdorf, 2020). Interestingly, algorithmic judgment is often perceived as neutral and, for 

many users, preferable to that of journalists (Logg et al., 2019). This preference is particularly 

strong in polarised media environments or when selecting political information (Cools et al., 

2021). Evidence suggests that users with greater confidence in their own ability to evaluate 

informational content are more likely to favour algorithmic gatekeeping (ibid).  

Algorithms are often viewed as independent of human influence or bias, more effective than 

human judgment, infallible, and capable of ‘fixing’ societal issues. Consequently, they are 

frequently considered better than journalists at selecting news content (Zarouali et al., 2021). 

This happens despite a large body of research highlights that algorithms are not fully 

autonomous technical entities (cfr. Seaver, 2018). Instead, they are deeply entangled with 

human activity and biases, such as the ideologies and prejudices of designers and users, as 



well as the commercial priorities of the companies that develop them. These factors render 

algorithms an infrastructural reflection of broader societal and economic dynamics (Ananny 

and Crawford, 2018; Gillespie, 2010). As Bogost (2015) notes, the term ‘algorithm’ in public 

discourse often serves as a "sloppy shorthand, slang term for the act of mistaking multipart 

complex systems for simple, singular ones" (Bogost, 2015). 

Despite these complexities, many users remain indifferent to or unaware of the role 

algorithmic gatekeeping plays in shaping their content selection and engagement. This lack of 

understanding leads to the development of ‘algorithmic imaginaries’ (cfr. Bucher, 2017; 

Swart, 2021). This concept highlights the imaginative processes through which users interpret 

the functioning of social media algorithms based on their everyday experiences. Algorithmic 

imaginaries focus on the feelings, moods, and sensations users associate with algorithms 

(Bucher, 2017). When it comes to informational content, these imaginative processes play a 

central role in shaping users’ understanding of algorithms. Even when users are aware that 

certain content is excluded from their recommended feeds, their explanations for such 

exclusions are often confused. Greater algorithmic awareness tends to emerge only when 

algorithms violate users’ expectations. However, this awareness can negatively impact users’ 

engagement with platforms, particularly if their interventions fail to produce positive 

feedback loops (Swart, 2021; ANONYMISED FOR PEER REVIEW). 

 
Engaged and (im)personalised 

 

Mainstream social media platforms design their algorithmic recommendation systems with 

the primary goal of optimising user engagement. By processing vast amounts of user and 

contextual data—such as time, location, and emotional indicators (e.g., likes and reactions 

from individuals and groups)—these systems assess the likelihood that users will engage with 

a given post and predict what content might interest them next. As Airoldi (2021) suggests, 

this constitutes a generative mechanism he terms the ‘machine habitus,’ wherein countless 

feedback loops connect human and artificial social actors. This creates an osmotic relationship 

between society and culture, blending human behaviour with algorithmic influence. The 

content users appear to engage with most is prioritised by these systems, and metrics are 

continually updated and refined to drive further user interaction with the platform. 



Engagement is thus treated as a proxy for what users value most (Bengani et al., 2022). While 

this approach is not inherently problematic, it depends heavily on which metrics are selected 

as proxies for value. These metrics remain largely opaque and are likely limited in their ability 

to capture what is genuinely meaningful or valuable to users. The process of optimisation is 

also intrinsically tied to the primary outcome of algorithmic recommendation: 

personalisation. Since data-driven algorithmic inferences are inherently probabilistic, 

concerns arise about the degree of reductionism these inferences can reach. The data used is 

derived solely from observable behaviours, representing only a small subset of potential 

actions, making the process fundamentally behaviourist in its assumptions. Behaviourism 

eliminates other causal mechanisms of human behaviour—such as beliefs, intentions, and 

goals—and instead focuses exclusively on what can be observed, measured, and recorded (de 

Jong and Prey, 2022). Consequently, valuable information can be lost or misinterpreted 

during this process. 

The result is that users’ inferred preferences often fail to align with their preferences. This 

misalignment stems from the heavy reliance on implicit signals—such as behavioural data 

unknowingly or unwittingly generated (e.g., retention time)—rather than on explicitly 

expressed preferences. Such dynamics can produce a range of unintended and undesirable 

outcomes, including specific behavioural patterns in news consumption (cfr. ANONYMIZED 

FOR REVIEW), superficial engagement with news, e.g., the phenomenon of ‘news grazing’ or 

‘news snacking.’ These behaviours, particularly common among younger users, prioritise 

breadth over depth in news consumption (cfr. Molyneux, 2018), contributing to superficial 

learning of political information (Amsalem and Zoizner, 2023). Additionally, personalisation 

can lead to reduced motivation to seek out news actively, fostering the belief that important 

information will inevitably reach users through algorithmic curation—an attitude described 

as the “news-finds-me perception” (cfr. Gil de Zuniga et al., 2017). This creates a recursive 

process where algorithms gain the power to determine what is ‘personal’ for users (Kant, 

2020).  

However, as already discussed, most users do not passively accept this process. Instead, they 

negotiate their positions based on the perceived benefits of algorithmic systems, even as they 

experience ‘resignation’ to and ‘irritation’ with how these systems function (Draper and 



Turow, 2019; Ytre-Arne and Moe, 2021). Research indicates that while social media 

algorithms create and categorise users as ‘data subjects,’ users reciprocate by engaging in a 

process of ‘othering,’ which allows them to negotiate their agency vis-à-vis the perceived 

qualities and functionalities of algorithmic affordances (ANONYMISED FOR REVIEW). 

Hyper-heterogeneous and non-generalisable  

A third dimension in the relationship between algorithmic systems and audiences can be 

defined as ‘hyper-heterogeneity,’ a factor that makes algorithmic public opinion formation 

particularly challenging to research and fully comprehend. Online audiences are inherently 

diverse, encompassing users from different generations, varying levels of educational 

attainment, active influencers, passive lurkers, and more. This diversity translates into highly 

heterogeneous behavioural patterns extrapolated through algorithmic means, as well as 

varying modes of interaction with and influence over algorithms. While this is not inherently 

problematic, it does clash with the platform logic’s inherent tendency towards 

standardisation and generalisation. Platforms aim for uniformity to optimise efficiency and 

scalability, yet the constantly shifting and complex ways in which informational publics form 

resist such standardisation. At the same time, the individual and aggregate effects of 

algorithmic gatekeeping are profoundly diverse, varying across several dimentions, such as 

different platforms, which offer unique affordances, employ distinct algorithms, and yield 

varied outcomes; cultures, as diverging expectations and behaviours across cultures lead to 

differing consequences; languages, as algorithmic systems, particularly content moderation, 

perform inconsistently across languages; jurisdictions, given that legal standards differ 

significantly, from the libertarian framework of the United States to the authoritarian regime 

in China (cfr. ANONYMIZED FOR REVIEW), producing distinct social outcomes; and finally time 

periods, as algorithmic systems are continually evolving, resulting in changing impacts over 

time. These variations are further compounded by equally heterogeneous legal and 

epistemological settings and by differing levels of understanding and interpretation of 

algorithmically powered public opinion processes (cfr. Helberger, 2019).  

Final discussion 

This article has introduced the notion of algorithmic public opinion as a heuristic to help 

researchers grasp the manifold ways in which social media algorithms intervene in public 



opinion formation in today’s digital societies. Drawing on multidisciplinary research in media 

and communications, sociology, and related fields, we argue that the primary contribution of 

this article lies in developing a novel concept that enables this body of scholarship to advance 

to a more mature stage. By critically reviewing the existing body of knowledge, the concept 

of algorithmic public opinion accounts for the intricate dynamics at play in the encounter 

between social media algorithms and public opinion. It wishes to highlight the creation of a 

new form of public opinion, characterised by the central role of automated decision-making 

processes in the circulation of informational content and by their interaction with a variety of 

actors, decisively shaping which issues of public interest gain prominence, which are 

suppressed, and what news sources and interpretations circulate around them. The concept 

captures the iterative interplay between algorithmic systems and users, emphasising their 

reciprocal feedback mechanisms. This perspective illustrates how public opinion is 

simultaneously an evolving process and an emergent product. It also foregrounds the shared 

influence and distributed agency among platforms, users, and algorithmic systems, which 

collectively shape public narratives and opinion formation. In developing this concept, we 

aimed to avoid a broadly techno-deterministic perspective, instead seeking to underline the 

continuity of these dynamics as they consolidate in contemporary Western societies. This 

focus on continuity, rather than perpetual change, has been our guiding principle. We 

contend that this concept’s capacity to encapsulate the complexity of these issues, while 

remaining inherently open-ended, offers critical potential for future research. It can serve as 

a foundation for understanding the interplay between old and new media, as well as for 

fostering interdisciplinary dialogue in this emergent field. 

That said, this effort is inevitably partial and incomplete, leaving many important questions 

unanswered. Perhaps the most pressing among the latter concerns the role of political-

economic forces within the platform economy and their relationship to public opinion 

formation. The algorithmic public opinion, as articulated here, is fundamentally a byproduct 

of an oligopolistic socio-economic setting, wherein the circulation of informational content 

and the practices of news discovery, exposure, and consumption are deeply embedded in a 

data economy. This economy—what Zuboff (2019) terms “surveillance capitalism”—

interlocks public debate and opinion formation with a profit-driven logic reliant on user data 

exploitation and behavioural prediction for targeted advertising. 



This dynamic is epitomised by Mark Zuckerberg’s candid remark during the historic 2018 US 

Congressional hearing following the Cambridge Analytica scandal: “Senator, we run ads.” 2 

This implies that the algorithmic infrastructure of social media is heavily influenced by 

commercial imperatives. As argued by Pickard (2021: 323), democratic societies worldwide 

“are grappling with the unprecedented concentration of power in the hands of a few platform 

companies. No firms have ever wielded such control over so much of our information and 

communication infrastructures.” This calls for a “new social contract between platforms, 

regulators, and society at large, which seeks to address the structural problem of 

concentrated and unaccountable power over core information and communication 

infrastructures” held by platforms that, in parallel with the decline of traditional news media, 

“are attaining levels of media power unprecedented in human history” (ibid., 324). Platforms, 

meanwhile, continue to insist on their status as technology companies rather than media 

companies (Napoli and Caplan, 2017), thus avoiding media regulation and editorial 

accountability. The question of social media platforms’ public responsibility in opinion 

formation remains central to these debates and warrants further exploration. 

Moreover, future research should investigate how these dynamics unfold in non-Western 

contexts (Poell et al., 2024; Nieborg et al., 2024) and examine how non-Western proprietary 

platforms, such as TikTok, introduce new issues—often of a geopolitical nature—into the 

equation. Similarly, the growing influence of personal messaging apps such as WhatsApp and 

Telegram in re-intermediating public opinion formation processes merits greater attention 

(Johns et al., 2023). Ultimately, the relationship between social media algorithms and public 

opinion formation is in constant flux. As new platforms emerge and user habits evolve, this 

dynamic will inevitably transform. We hope that future research will take up, expand, critique, 

and refine the concept of algorithmic public opinion as the role of social media platforms in 

shaping public discourse and society continues to evolve. 
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